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Japanese Chinese English

NTCIR  TWITTER NTCIR HOTEL NTCIR TWITTER
gold 0.5554 0.65 0.5155  0.8528 0.5619  0.714
subword 0.5287 0.6625 0.5232  0.8645 0.5142  0.7265
subword+smp  0.5136 0.6625 0.5342 0.8761 0.5238  0.7315
proposed+sp 0.5827 0.665 0.5091 0.8662 0.6095 0.719
proposed+unsp  0.5307 0.6775 0.4954 0.8729 0.5523  0.748
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