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ESES A0S 0.647 -0.244 -0.101
-BCCWJ #i% 0.635 -0.246 -0.103
MR EBE®R | 0.578 -0.262 -0.119
SN 0.370 -0.320 -0.178

SREFEMEEHWZEE, BAZEMIZIERTR2 A

A7 T2TRA VMU EEL, BRABHS EHEIC
BLUTRKIBIZEE A ELEZEE X5, £/, &8
EKHE ML S BCCWI HE 2 R\W2856 & 0 £ REKHE
BEEHRE RN 72 BE D HPREED 5.7 KA1 ¥ MER
U7z, £7z, BCCWI] BHE 2R\ 5ATH RIEEHE
W2 WG E L KERP o2,
INoaEedde, FEMABHAEHEIZSNT
&, HAGEHRBHERROMSEHETCHEH L SbN:
BCCWJ HE 1xd F 0 AHTIERL, &L AMEM
JEREHRD & > REAE R O AR S b FEMEN
FHTHBEEZOND. £T-, RIEEEETHAE
BEERR DU EHEE 21T o 7458, ﬁﬁ%@t%
JEIZRER o120, THIRHAREREERRIC
N5 EEEIC é%fytm;a#ﬁlt%iema

5 &bHYIC

AL TIE, BEFEE DM R FHGEDIZAEIZ DV
THIZZ 2D, MEEZHRIZBWTEHETH S L E X,
L0 IEMEREEHAGEHDEHEZHELZ. 2L T,
— M7 HARGEIZ R 2 BEAF- D 5 S HERE S5 1% Fl W
- TEBRAE R 2 B F 2, FEEE RS D3R 5 & e
WU ERNEZHE L. TOME, HENREE)
MEDNHBIZEE D EWI BRSNS, Th
5xFENEE UTMABEFER T2 24, KIEIZ
M e EREE DS B U 7z,

BEENL VWS EEHGEORBE A -2 &M
HERLELOERNTH S z‘:%i L5NBH, LD fl:li%étﬁ%ﬁ
B & B8 T 720121%, S 055 % {6 2 (ZHER
U, &oflid J\%’:’G‘%’I I RITWT 4= KNy
TEHZERRBRETHLEEbNDG. X 5IZBERHENE
REFIVERDITSEZ T, &b IEHE TR R
FAGEHMAE ) A MG NBETEAS.

& 3R

[1] Tomoyuki Kajiwara and Mamoru Komachi. Build-
ing a monolingual parallel corpus for text simplifica-
tion using sentence similarity based on alignment be-
tween word embeddings. In Proceedings of COLING

[6]

7]

[10]

— 1498 —

2016, the 26th International Conference on Com-
putational Linguistics: Technical Papers, pp. 1147—
1158, 2016.

Zhemin Zhu, Delphine Bernhard, and Iryna
Gurevych. A monolingual tree-based translation
model for sentence simplification. In Proceedings of
the 23rd international conference on computational
linguistics, pp. 1353-1361. Association for Compu-
tational Linguistics, 2010.

William Coster and David Kauchak. Simple en-
glish wikipedia: a new text simplification task. In
Proceedings of the 49th Annual Meeting of the As-
sociation for Computational Linguistics: Human
Language Technologies: short papers-Volume 2, pp.
665-669. Association for Computational Linguistics,
2011.

William Hwang, Hannaneh Hajishirzi, Mari Osten-
dorf, and Wei Wu. Aligning sentences from standard
wikipedia to simple wikipedia. In Proceedings of the
2015 Conference of the North American Chapter of
the Association for Computational Linguistics: Hu-
man Language Technologies, pp. 211-217, 2015.

Juri Ganitkevitch, Benjamin Van Durme, and Chris
Callison-Burch. Ppdb: The paraphrase database.
In Proceedings of the 2013 Conference of the North
American Chapter of the Association for Computa-
tional Linguistics: Human Language Technologies,
pp. 758-764, 2013.

Ellie Pavlick, Pushpendre Rastogi, Juri Ganitke-
vitch, Benjamin Van Durme, and Chris Callison-
Burch. Ppdb 2.0: Better paraphrase ranking, fine-
grained entailment relations, word embeddings, and
style classification. In Proceedings of the 53rd An-
nual Meeting of the Association for Computational
Linguistics and the Tth International Joint Confer-
ence on Natural Language Processing (Volume 2:
Short Papers), Vol. 2, pp. 425-430, 2015.

Ellie Pavlick and Chris Callison-Burch. Simple
ppdb: A paraphrase database for simplification. In
Proceedings of the 54th Annual Meeting of the As-
sociation for Computational Linguistics (Volume 2:
Short Papers), pp. 143-148. Association for Compu-
tational Linguistics, 2016.

IR 2, INITSE. SEG 72 2 — R 2% VAR WT F Ak
TSk, BREFEMEE, Vol. 25, No. 2, pp. 223-249,
2018.

Kikuo Maekawa, Makoto Yamazaki, Takehiko
Maruyama, Masaya Yamaguchi, Hideki Ogura,
Wakako Kashino, Toshinobu Ogiso, Hanae Koiso,
and Yasuharu Den. Design, compilation, and pre-
liminary analyses of balanced corpus of contempo-
rary written japanese. In LREC, 2010.

EHELL), R 2, Bz, HEWAES REFEDF
GACHIEFE. A TR R E RS CHE 2018 1
ATHIgE P R2E KRS (5 32 [) X, pp. 2L403-
2L.403. —f¢ AN AN THIBEY: 2, 2018.

Copyright(C) 2019 The Association for Natural Language Processing.
All Rights Reserved.



