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JRC : The bagpipe is most commonly heard at high-
land games / where many bands gather / to play mu-
sic / and perform Scottish games such as the caber

toss or the hammer throw. /
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IEf# : People are a little more casual, / they take
their time / and they
which is something that makes me feel a lot better.
/ (SXUSX012)

" re really very friendly /
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The bagpipe is most commonly
heard at highland games / where
many bands gather to play mu-
sic / and perform Scottish games
such as the caber toss or the
hammer throw .
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The bagpipe is most commonly
heard at highland games / where
many bands gather to play mu-
sic / and perform Scottish games
such as the caber toss / or the
hammer throw.
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This happened again and again
/ until several people were, of
course, killed.
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This happened again and again
until several people were, / of
course, killed.
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