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2 O — /N ZADEHE /ST (ISR 2
R 3

3.2 ETFIEE

BAGESE35 H T FER% 16,000 1Z3%E L 7= Sen-
tencePiece! [3] & H\\ 2, BEMEIIRDOR—2 L7022 E
TViE Luong & [4] DHDT, TVI—K—-FTI—
X—1% 2D LSTM, HaEHDIAA & FRAEDIRIEI

2 500 koG, Ry 77U bE0.3 & Uz, Hfl
13 Adam [2] ZH\W, ZEEE 0.001 254, BIFE
T—RDNN—=T L F T 1 DRAMED R S Nz h >
TRy ZHICFEEL P I Y, bEPERELZE
Z ATl kD, BAKMEZ Lk L 2R DET IV T
T A NTF—REFM L 7=,

ETIVOFHIRIZ I, length-normalization [7] % i
ALY A A6 D =LY —FCRIRXEZH LT,
SentencePiece D Hi3E73 #IE s #] % #H$ 2 Dl ’ﬁb\
T2 A= RNARAFET 5728, BT EESFEDHEEE
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Still she believes it significant to share her experience and the lessons she learned with people

EMRR

from areas that have been free of large-scale natural disasters.

Still he said: “It is important to learn from the people’s experiences and lessons learned

HiTER

from the disaster.”

K4 B—T 2 a—X—2-to-1 DI : EORISZRT 72D DT D DETOIZH 2 L XRS5 7220,

60.0%
43.1%  49.9%

50.0%  45:9%

40.0% 34.4%

7.29 27.7% 27.2%
30.0% 21.7% 23.6% . 22.5%
20.0% 11.49 10-3% 16.1%

9.9% | 11.2% 1.8%

in Il
0.0% .

B

13ZA1 23ZHi 3B LAT

B REPAFETHR hO—/) X (F) m BASEWeb1—/CX m OntoNotes 5.0 (BC) m OntoNotes 5.0 (TC)

2: RUBSEMAICENIZ T 202 &I — N ATRAEL 22D (HARGET — X IIHAT S DAL 8] 2 SHkke), H
REET — X TREABINAER (EaRUS) OETFEAPMSENZHBLL 725, HEFEDOT — X Tld e ToLSIRE
FRDIATHDPMASCENZ HBL L 7292 2 S,

[3] Taku Kudo. Subword Regularization: Improving [8] MATIEM, I Ko, BAEMHK. EHRAXEFEOEEIHD
Neural Network Translation Models with Multiple 2T A FERER R V& O — N A DM ¥ F D AT
Subword Candidates . In Proceedings of ACL, pp. HAR S BN Vol. 21, No. 2, pp. 213-247, 2014.
66-75, 2018.

[4] Minh-Yhang Luong, Hieu Pham, and Christopher D
Manning. Effective Approaches to Attention-based
Neural Machine Translation. In Proceedings of
EMNLP, pp. 1412-1421, 2015.

[5] Hiromi Nakaiwa and Satoru Ikehara. Zero Pronoun
Resolution in a Japanese to English Machine Trans-
lation System by using Verbal Semantic Attributes.
In Proceedings of the conference on Applied natural
language processing, pp. 201-208, 1992.

[6] Kishore Papineni, Salim Roukos, Todd Ward, and
Wei-Jing Zhu. BLEU: a Method for Automatic Evalu-
ation of Machine Translation. In Proceedings of ACL,
pp. 311-318, 2002.

[7] Yonghui Wu, Mike Schuster, Zhifeng Chen, Quoc V
Le, and Mohammad Norouzi. Google’s Neural Ma-
chine Translation System: Bridging the Gap between
Human and Machine Translation. arXiv.org, 2016.

— 104 — Copyright(C) 2019 The Association for Natural Language Processing.
All Rights Reserved.



