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Classification part (Experiments in section 4)
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#1 F—Fey MOEELTFITADTEH

Category % in the data set
Accommodation 10.23
Attraction 4.9
Building 8.44
Country name 12.15
Foreign First Name 5.57
Foreign Last Name 3.73
Food 7.84
Japanese First Name 4.35
Japanese Last Name 4.17
Land Mark 11.73
Organization 9.29
Shop 4.75
Souvenir 6.54
Others 6.2
Total 100
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Corpus type # of words | Lexicon size
BTEC (Japanese side) 83,942 9,266
Wikipedia corpus 10,363,151 116,556
#3 CNN RFA—%
Parameters Setting

Maximum length of input sentence 150 words
Mini batch size 64
Dimension of word-embedding vectdr)( 100
Fiter window size if-gram length) 3 to 5-gram
Number of fiters for each window size 128
Drop out rate for fully connected layer 0.5
Optimizer Adam optimizer
# of output units 14
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