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. #%FD ROUGE-1 8 & ' ROUGE-2 %]

Models ROUGE-1 ROUGE-2
Recall Precision | F-score | Recall | Precision | F-score
OPTIMAL 65.2 68.4 66.7 30.5 32.1 31.2
LEAD 46.9 38.6 41.6 13.5 11.2 12.0
NN-SE 45.6 49.3 46.7 14.0 15.2 14.4
PROPOSED MODEL 45.0 46.4 45.0 13.4 13.9 13.4
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