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and S7 , steps S8 and S11) .

ooo After that , the correction of a pipeline gain error of ADC # 1 and ADC # 2 is sequentially repeated alternately
from the first stage to the Mth stage ( steps S6 and S7, steps S8 and ' S9, steps S10 and S11).
MT OO  After that, the pipeline gain error correction of the ADC # 1 and the ADC # 2 is alternately repeated ( steps S6
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