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Algorithm 1 Bootstrapping

Input: Initial Clue Set C' = (c¢o, c1, ..., ¢,) and Iter-
ation Number T
Output: Opinion Sentences O
. C+—C, M+
2: for each t < 1...T" do
M < M + get_commons (C’)

C + C + get_clues (M)

> M is Common Set

@

4
5: end for each

6: O < get_opinions (C’)
7

: return O
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