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TAO-Thing

Ocurrent (Occurrent)

Process (Processual entity)

Time (temporal region)

Continuant (Continuant)

Location (Spatial region)

Artifact (Object)

Person (Object)

Plan (Directive information entity)
Data-item (Data Item, Textual entity)
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For Information Retrieval , users are more concerned about the precision of top ranking documents in most
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