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FTal, PR OBGRE ZIE L 2 WIRER#E® SVO ¥
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The skateboarder is puttmg on a show using the plCnlC table as his stage.
A skateboarder pulling tricks on top of a picnic table.
A man riding on a skateboard on top of a table.
A skate boarder doing a trick on a picnic table.
A person is riding a skateboard on a picnic table with a crowd watching.
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a person is riding a skateboard on a picnic table
~_ N

NSUBJ
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N3, ZOOEEhOYEKE Zh o DHPPITE
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PERSON, DONUT — a man who is eating a donut
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a man/PERSON is riding a skateboard /SKATEBOARD on

a picnic table/DINING_TABLE
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ride(a man/PERSON, a skateboard /SKATEBOARD),

on(a skateboard /SKATEBOARD,

a picnic table/DINING_TABLE)
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on 19,666 (12.58) | of 1,096 (2.62)
in 14,300 (9.15) | next_to 3,974 (2.54)
with 13,047 (8.35) | ride 3,711 (2.37)
hold 5,136 (3.29) | sit_on 3,265 (2.09)
at 4,345 (2.78) | on_top-of 2,393 (1.53)
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Ytk (GRBHSCHRTUE a skateboard) & ride DBIRIZH B
TEREKRT B,
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1. NSUBJ £ XU DOBJ D#l & 2> T 28R & COM-
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Shttp://stanfordnlp.github.io/CoreNLP/ (Version 3.5.2)
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8Stanford CoreNLP Tl Z D & 9 A HIE % Multi Word
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NMOD:ON_TOP_OF 7 £ D% h Z TR L5311 5) [3]
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Yy = U(Wgh + b2)
h = o(Wyv + by)

(1)
(2)

CICW by, Wa by o2 —F LRy FT— 7 DET
WRFIRA=F, o()IF (RZ PLVOEHRTED) > 7EA
PRSIz &9, EERICBIRZ PIT 2080%, Viiy, > 0.5
L2 TOBR 2T 5.
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A (S 25.7 24.3 23.5
-+ R R R 27.2 24.0 23.9
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