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T—% | HEEOHRZ D 2EEDY w2v DADHGE AHNGE FHDA] Acc.
PARX | HAGE HAGE YLFE HAGE  9&5E HAGE YEGh
177 | 4,906 4,820 | 1,532 (44%) 1,604 (45%) | 0.66%  13% | 4,875 (61%) 5,173 (63%) | 63.50
57 | 10,833 10,880 828 ( 24%) 883 ( 25%) 0.66% 11% | 3,829 (48%) 4,153 (51%) 66.88
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