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Algorithm 1 ZLH)D 7wt 2
Input: D, S, ¢, I
S={}
e « threshold
for t=0toT do
S’ + S+ Dy
ranking.S’ with LexRank
if length of S” > e then
S « top e sentences a§’
else
S« S’
end if
end for
return top! sentences af
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# 1 =a—AER

=4 =a— AW | CEE | EEOITK
BP Oil Spill BBC 293 98
BP Qil Spill Foxnews 286 52
BP Qil Spill Guardian 288 307
BP Oil Spill Reuters 298 30
BP Oil Spill Washingtonpost 296 19
HAN1 Influenza BBC 122 40
H1N1 Influenza Guardian 76 34
HAN1 Influenza Reuters 207 23
Haiti Earthquake BBC 296 86
Iraq War Guardian 344 410
Libya War CNN 398 81
Syrian Crisis BBC 308 31
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RK2. 777V A XEFEEMEE LGS
with without

BER | FE | BEER | FE
random 0.509 | 0.464| 0.314 | 0.304
Lexrank 0.620 | 0.434| 0.430 | 0.328

BEFEA | 0607 | 0.473| 0.424 | 0.340

BEFIEB | 0658 | 0.490| 0.495 | 0.377
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