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1: Bottom-up propagation of training data
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2: Top-down training
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3: Top-down classification
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4: Global pruning
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7% 1: Evaluation Results in the Wikipedia Medium subtask

Name Acc EBF LBMaF LBMiF HF
arthur 0.4382 0.4937 0.2674 0.4939 0.7092
coolvegpuff 0.4291 0.4824 0.2507 0.4779 0.6892
TTI 0.4200 0.4771 0.2835 0.4725 0.6922
chrishan 0.4117 0.4768 0.2454 0.4187 0.6766
anttip 0.4077 0.4460 0.2385 0.4309 0.6803
dhlee 0.3848 0.4352 0.2824 0.4209 0.6662
szarak 0.3711 0.4366 0.2195 0.3769 0.6447
brouardc 0.3536 0.4182 0.2398 0.3739 0.6428
daq 0.3526 0.3896 0.1929 0.3653 0.6330
SSir 0.3270 0.3873 0.1681 0.3879 0.6394
hautcs 0.3204 0.3473 0.1037 0.3274 0.6030
KULeuven 0.2976 0.3408 0.1825 0.3045 0.5494
Peaceguard 0.2499 0.2917 0.0555 0.2754 0.5916
Knn Baseline | 0.2491 0.3176 0.1758 0.2979 0.5609
TUD_KE 0.2448 0.2839 0.1303 0.2762 0.5368
dicaro 0.0626 0.0805 0.0211 0.0716 0.3448
glouppe 0.0473 0.0846 0.1758 0.0971 0.6676
HALT 2 FEOMG 2 ED TN D.
% 2: Results
0 Acc EBF LBMaF LBMiF HF .
0.00 | 0.3603 0.4316  0.2763 0.3833 0.6197 %%j{ﬁk
0.10 | 0.4140 0.4742 0.2889 0.4652 0.6875
0.11 | 0.4172 0.4758 0.2860 0.4692 0.6901  [1] Joachims, T.. A Support Vector Method
0.12 | 0.4200 0.4771 0.2835  0.4725 0.6922 for Multivariate Performance Measures, Proc.
83 ggzg 83;&7;1; 8;58? 81;2’17 8232? of the International Conference on Machine
0.15 | 0.4244 0.4778 0.2730  0.4775  0.6956 Learning (ICML-05), pp. 377-384 (2005)
0.16 | 0.4245 0.4770 0.2689 0.4776  0.6959 . . .
017 | 04240 04759 0.2645 04769 0.6957 [2] Kiritchenko, S.: Hierarchical text catego-
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rization, its application to bio-informatics.
Ph.D. thesis, University of Ottawa Ottawa,
Ont., Canada (2006)

[3] Malik, H.: Improving hierarchical SVMs by
hierarchy flattening and lazy classification. In
Proc. of the ECIR 2010 Large Scale Hierar-
chical Classification Workshop (2010)

[4] PASCAL LSHTC3
http://Ishtc.iit.demokritos.gr/.

Challenge,

All Rights Reserved.

Copyright(C) 2013 The Association for Natural Language Processing.





