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1 [FUsIC

W05 (18] I HAGE, JEEEMIZS T B R OB
72TV 5. TORFZEOH TREEARRE A & a1
D HEEHEMBIER DL 247 > T d . U b LRI )t
XiE, XPRWZOANFIHliAR#ETHL. €T, K
fFZE IR, BESCE O H ERHIERIC S5V CRE Y
HEEHRHAR & A 12 HE D HREIHBEMRHER D HLEGR A 217 5 .
B, AHSCTIRAPIZED HEHEMEIERIE PSMT,
JE R EHEIERIZ HSMT & R d 5.
2 AICEDIMEBIR (PSMT)

HEefi st BIaIE, AAGEX I NG oNhzLE, 2T
DFAAGDOED SHERMPE KR L 8D HGEXE 2 R U
RELTS. WERETINVIE P(jle), SFEETIVIE P(e) T
H5. B 1IZHEHEFREROFIEZ X 112577

E = argmax P(e|j) ~ arg max P(jle)P(e)

o FMAL: AHSFFE L& O BIIRE 7 & %8
o FH2: HIEXRFAPXDEEX LY SFEET N %
Ea
o FIH3: FI—LTFML, 2 THEULBRET N
SHETNEMOTHRETS.

BENREEL
| Bxmx ||

() [
v

A
| BREFL pllo || SEEFL pe |

‘ (=B ]
ANBEFREEX) J

argmax p(jle)p(e)

F3-5
(W) E
1 HEHGEHIERO FIE

2.1 #EREFIL

BHERE TIVIL, JEFEDHEEDF 5 BEED S| NHERI
IR 2175 2ODET N THLIPRETNITZT L —X
F—T7NTEHINTWS., E1LILHZRT. E1b,
AAEZ LV —X, WET7LV—X, 7L —R0OHLEBRHE
ROHEZED HERRMEROR, 71— ADJEHBIRMER,
BEEDO P HERERDOETH 5.

£1 7V—XT—=7)L0OH

%13 || he is ||] 0.23 0.05 0.04 0.01
10 /S—=% > b ||| a ten parsent ||| 1 0.02 0.25 0.005
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2.2 SEETI
SREET VI, N-gram % A5,
2.3 FO1—5

TIA—XE, GRAONZXNOEHEETINVERRET
NOMERNWRKE 22 X EERUBMRZTD.

2.4 /ASA—=HF1—ZU5

NI A= Fa—=27i2i%, MERT[8] (Minimam
Error Rate Training) MHW SN 5. MERT i&, HH
DO HEFEM (—#12 BLEU) 28EKI2T 25 X5 28R
ERANNTDEEIDIIN T AR 2T 5.

3 PBEBRMREHEIER (HSMT)

M B R BRI, V=T —T N 2T S, 5
Z 5N HARZESNZIV— v T — T )b & FW TR E B
SERIZEIER 2172 HATH 5. Y —Ib & LT moses|6]
X joshua[7] 3H 5.

3.1 glue-grammer

glue-grammer &%, 71 —7 1 VI THALN/ZX
EMREAGBP SRRE T ANEL DDV =NV THD.
rule-grammer % fE% 3 2 ZODFRHATHS. UT
IZ, glue-grammer %% 2 (ZR9, 06 IS, H

FENA— Y, BEEENA—VERLUTVD.

% 2 glue-grammer D]

[SEIFEAT (X1
[SS:1) [X.2] []] [S,1] [X,2]

3.2 rule-table

rule-table I%, HSMT (2B I3 2BRETNTHD. H
AREENRZ =V NOIEFENRZ =V ANORERET D DD E
TFIDREHINT WS, rule-table DHlE £ 3 1ZR7T.
oIS, BARGENZ—Y, WFEN&—V, H
W7 L — AR, HEBGERERER, JEH HEEREE
fEERERLTVD.

# 3 rule-table

XTI ®%7% & [[[ your |] 10791 2.5125 0.6910
(X] ||| %7 1& [X,1] ||| You [X,1] ||| 0.7403 2.5435 1.0440
X] ||| a7 4 [X1] % [X,2]
you [X,2] the [X,1] ||| -0.0 2.7378 0.7686

4 ZEEOEN

WS (18] WX FAZE, HAEIZH B R BROM
REfFoTND. ZOHZR0 TR E R IR & 41
55 RSB O R T o T 5. Lo LSRN
WlE, XABVAEDAFEMAEETHS. 2T
AREBTIEHARFEDOHR X, EXEXIZE TS HSMT &
PSMT O Fliiti 2475 .

5 SEER

FERIE, B B 2 FETT .
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5.1 =EEB&F—45
a. HWxa—/\ZA

FERZ, HFEOFIXE Y HH U RO —/3Z 182,899
SC[19] 5, EHT—4& L LT 100,000 X, TANT—
Z2rLT10,000 X, TA4ARAYTAVNF—=RELT
1,000 X% V5. #iEtEEROsE e LT, &a—3
ADHARFEIZH LT, MeCab|[17] % {#/ U R REE M

S =

179D,

b. EX#EHXI—/SZ

TR, BEEOFISCE D MU A E ST — 8 A
122,719 X [20] 75, 85 —4 X LT 100,000 X, 7
ARNF—&2 LT 10,000 X, F1A ROV TFAY RF—
22 LT 1,000 X&FAW5. HEtEEROaLE e LT,
#3— S ADHAIXIZH LT, MeCab|17] % fifI LK
RREMITE1TD.
5.2 FHISEH
R VECIE, B ENEET & AN T2 V5.
a.  EEHEE

M B 3 fifi 12 & BLEU[10], NIST[11], METEOR[12],
TER[13], WER[13], IMPACT][14], RIBES[15] % i\
5. BLEU &, GEOUUIEVIZFEREIBAIT 25
WA2T %215, METEOR &, AT & OHBED
FWESIZEWAIT 22135, TER & WER I, T
T—ENLNNEEE VAT TR DTS, IMPACT X, %4
FADOF Y7 B HCTHRENICNTE AT %D
%. RIBES &, X2EKDO KRR CTHIENGEIZE
WAIT7 %225,

b.  AT#Hfi

B, EXHEXIIEITS PSMT & HSMT OfERE L%
ATFTHIEFHES 2. FIHE LT, IZUHIC PSMT O
PSS 10,000 25 F Y A LT 100 XEHET 5. K
2, flH U 23 e e d 6 HSMT ORIERKE R & PSMT
DFHERFER 2 —SHFIZ AT 5.

53 #RATI-5

HARGED B, EXEXIZE TS HSMT & PSMT ®
HBERA 2 moses[6] & V5.

6 EBER
6.1 BXI—/AXERUL\CEE
B a—/)S A% W/ PSMT O A B #Eiss R %2 5% 4
IZRY.
£4 BB B PSMT OB BIEHIHEE

BLEU | NIST | METEOR | IMPACT | RIBES
0.1249 | 4.6376 0.4352 0.4285 0.6944
TER | WER
71.970 | 74.849
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6.1.1 B IO—/SXEALZ HSMT O BaEHiiiER
W a—/8 2z v/ HSMT o BBk R % £ 5
IZRY.
%5 P a—/SA% 2 HSMT 0 B B 5

BLEU | NIST | METEOR | IMPACT | RIBES
0.1372 | 4.8640 0.4595 0.4453 0.7148
TER | WER
70.348 | 73.049

6.1.2 BEXYI—/IXZHL\/z PSMT & HSMT OA
FEFh
By a— /S 2% W2 HSMT O A F2ffifE R %2 % 6
IZRY.

£ 6 WX I—/8AZHWVZ PSMT & HSMT O A T3 5

PSMT | HSMT | 220U | R—&H
12 22 54 12

By a— A% AWCZRERERIK, BEEHME, ATFEE
fli £IZ HSMT WE WA I T &R 577,
B O — N2 % I - BHERALN R HE %2 £ 7~10 (2R 7.

£ 7 PSMT OF5%E A HSMT &V ELTWSH

AN | BAAIRLSPET D Z L ITERAN—HU 1,

TEARSC We agreed to decide quickly .

PSMT We agreed on a quick decision .

HSMT We are agreed to a quick decision .

# 8 HSMT DfEFRA PSMT & Y ENTWSH

AJIC | BUIEDFNZERZ LT D,

1EMESC

He will put up a sign in front of his store

PSMT | He Set up a sign in front of the store .

HSMT | He in front of the store or .

# 9 PSMT O#5R L HSMT DFERMZED S 2\

A | BIZE D DI E N,

IEfESC | Tt is bad for your heart to suddenly start

running .

PSMT | I suddenly the heart in the wrong .

HSMT

I suddenly for the heart .

# 10 PSMT & HSMT DR E— DT dH 54

AT AR DRATEED HIFEE ] & s 47z,

1EfE3C 2 T am pledged to secrecy .

PSMT :1 pledged to keep the secret .

HSMT : 1 pledged to keep the secret .

6.2 EX - -#EXI—)\R=ERLCEER
6.2.1 EBEX#EXI—/\X=EHRULz PSMT O B&h5H
ER
BEXEXD—/ A% W= PSMT O B B 2E{fi%E R %
F11IZRT.
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£ 11 EXEXI—/SAZ AW PSMT O HEEEAHS R # 17 PSMT & HSMT DO#ERMIE—D T dH B4l

BLEU | NIST | METEOR | IMPACT | RIBES AT | RIS (CRE 2 7o L E - T D,

0.1032 | 4.2991 | 0.3985 0.372 0.6425 TEfiESC I am pledged to secrecy .
e
0,070 | 84535 pledged to keep the secret .

6.2.2 BEXEXI—/IXZERV\Z HSMT OB
cm 7T EBR
7.1 HBARFEOHEN - EXEX(CH(TS HSMT OFE

HEXE X I —/S 2% V2 HSMT O E 8345 1R %
# 12 1TR9.

F 12 BEXHEXIA—ZAZ AW PSMT & HSMT O B #)3EAffRS R

BLEU | NIST | METEOR | IMPACT | RIBES
0.1220 | 4.5702 | 0.42515 0.3972 0.6802
TER | WER
76.582 | 80.336

6.2.3 &YX - EXI—/\R&EAVAFHM
BEY - #HXa—NA% W2 HSMT O AT 3k 3=
ZFK 13 ITRT.

# 13 HEX - X3 —3NA% H 72 A T2

PSMT | HSMT | 42U | [—{h
7 26 64 3

EYXEXL TN A& AR, B8FHEI, AF
Tl & I HSMT RNEWAI T &R o /7.

BEXE XD — )N A% W7 BHERFTAM L HE % 3R 14~16 12
R

# 14 PSMT O#5RA HSMT & D EN T4

AT | RE RATICH DT 2 TRELB1 o 12,
IEf# | 1 was impatient to start on the trip .
PSMT I want to go on a trip .

HSMT I was dying I left on a trip .

# 15 HSMT DO#EHEA PSMT &V ENTVSH]

AL | FEEEIZBH LD LS I28DT W2,

IEf#3X | T am trying hard to get more familiar
with English .

began to drink habitually in English .
He tried to enjoy English .

PSMT
HSMT

# 16 PSMT DR & HSMT DFERIZAED R

AFISC | R U0, BONSRMh-o7,
EfESZ | T looked all over the house , but could
not find it .

for the , but I did not find it .

He looked all , but I could not find it .

PSMT
HSMT
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HSMT & PSMT Tl&, BXI—/SZ - EXEXI—
IRZNZH VT HBEFHM - ATFFH LI HSMT 2RV

ReBo/. KT, EHXEXDANTFFHIiDO BLEU fE &
AFFHEITRERENDNW . ZOFRKIZDONTSEMA
HPBETHD.

7.2 AFIL—ILENMSEER
ANFTERLZIV—IV&ENNYT 5 HSMT OEEH% &
IR, AFTERUZIV—ILE UT, BEXCHEXO
NE—vfEE (BNNY7) OIV—)IL 1,000 /8% — > %3
ZZIBML, 7 a—&IZiE joshua & V7.
a—/)S20, BEEXDT XAy AV M F—4 1,000
X, 7 A N F—4 10,000 X, kL —=> 2 F—4 100,000
X% W7z,
FIEZ A FITRT.

o FlE1: SNV IMMNE, M—)V &l

o FIE2: iU —IV%E, glue-grammer BN

o FIEH3: L—ILZEHL 7 glue-grammer T, /V5

A—RFa—=vJeTFaA—T 4 VT ETD
BH, N—AT51 Vi, BUI— A% H\7Z HSMT O
PIERKE R & 8. REFEOMRZ R 18 ITRT.
FEEBROKER, 7 A M3 10,000 XH 5 XDOFHRMNEILL
oo UDo TRIFEEL, LA EZL THZRL.
# 18 KNV 7)V—)VIBINFEER H B FEAm

BLEU | NIST | METEOR
R—254 > ] 0.0847 | 3.9548 | 0.3927
RETFIE 0.0847 | 3.9547 | 0.3928
8 &HNHIC

AWFFETIE, BEFERAEGRER O SUEN R R 25 SFE/M T
DOHRBEZHEFINTVD L ZAIZERHL, B E
XEXDHERERROG S, AIHED < KREH AR
CEIRBEIZEVAEIONERHEL 2. BRELT,
B, BT AR RIER L Y E BROER Y
Rol, B, X - X3 —/NATH T 5 R
BN COEBRTOANFFMA E o 7.

D& IZENEAHEE Y LT, BEGEBROR
EIREN L SHSZEINT WA, DAY, EiE+R
FEMTETCVSEZDIZIHENEL Bo e E 2 N5,
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