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+®2: NTC 1.5 fHlit v MBI 2 FM#HE. BASE 13 self-attention 2 &V /2 €5 ). ATTN I self-attention % iV 72 7 IVE T )L,

\ ALL DEP ZERO
Model | F ek EE®R ALL A I =i ALL ik I =i
BASE 80.18 85.43 7555 87.59 88.03 93.42 62.61 47.20 50.10 39.6 12
BASE + #71 | 80.23 84.93 76.02 87.72 88.10 93.16 64.57 47.72 50.83 383 13
BASE + #72X | 80.05 85.09 75.62 87.93 88.03 93.18 65.51 46.57 49.79 37.8 12
ATTN 79.52  83.11 76.22 87.06 87.52 9290 62.95 47.77 50.84 384 15
ATTN 4§13 | 79.96 83.67 76.58 87.53 87.85 92.85 65.44 48.73 51.68 39.0 18
ATTN + /123 | 79.96 85.11 75.41 87.59 87.73 93.05 64.77 47.18 50.08 37.9 17
£3: NTC 1.5 #HliT—& &Y MBI BT T IV & DL
\ ALL DEP ZERO
| FodEe®k EEER ALL A I = ALL A IR =
BASE + #i 1 X | 80.23 84.93 76.02 87.72 88.10 93.16 64.57 47.72 50.83 383 13
Ouchi+2017-sgl [2] 81.15 — —~ 88.10 88.32 93.89 6591 46.10 49.51 35.1 9.8
Ouchi42017-multi [2] | 81.42 - —~ 88.17 88.75 93.68 64.38 47.12 50.65 324 7.5
M&I 2017 [13] 83.50 - — 89.89 91.19 95.18 61.90 51.79 54.69 41.8 17
M&I 2018 [1] 83.94 86.58 81.46 90.26 90.88 94.99 67.57 55.55 57.99 48.9 23
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