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Algorithm 1 ¢-DTW
Input: x,y: sequences, relaxation factor parame-

ter r
Output: ¥-DTW distance.
M < infinity matrix (n 4+ 1,m + 1)
Initialize M([0,7],7) and M(0, [0, 7])
for all i such that 1 <i <n do
for all j such that 1 < j <m do
M(i, j)<=c(xi,yi) + min(M(Gi — 1,5 —
1), M(i,j - 1), M(i - 1,))
end for
end for
minX <min(M([n-r,n],m)),minY<min(M(n,[m-
rm)))

return min(minX, minY’)
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