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[11] (1)
“So” Arg1 Arg2

(1) Arg1: We’re standing in gasoline.

Arg2: So don’t smoke.

Explicit
(2) Arg1 Arg2

“Previously”

(2) Arg1: The trial begins today in federal court
in Philadelphia

Arg2: (Previously) the government’s asser-
tions of the cover-up were made in last
minute pretrial motions

Implicit

Implicit

(2) Arg1 “begins”
Arg2 “were made”
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Penn

Discourse Tree Bank [12]

[5, 6, 7] Arg1 Arg2
Bag-of-Words

Expansion (展開)
Conjunction (接続)
Instantiation (例示)
Restatement (換言)
Alternative (選択)
Exception (例外)

談話関係ラベル

本文

Temporal (時間)
Asynchronous (非同期)
Synchronous (同期)

Comparison (比較)
Contrast (対比)
Concession (譲歩)

Contingency (関係可能性)
Cause (原因)
Condition (条件)

Arg1

Arg2

談話関係
接続表現

1: Penn Discourse Tree Bank

Brown Cluster[13]
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Piter [10] Pitler
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“will” “would”
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Penn Discourse Tree Bank (PDTB) [12]
PDTB Wall Street

Journal
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Tense Perfect Progressive
未来形

仮定法

現在形

過去形

の品詞タグが
VBP OR VBZ

OR

AND

OR

完了形

非完了形
上記以外

進行形

非進行形
上記以外

: ROOTからcopまたはauxを辿った先の最左動詞

の品詞タグが
VBD

AND

OR

OR

2: (Tense, Perfect, Progressive)

, ,
Temporal Contingency Comparison

Expansion 4

Condition Exception

PDTB CoNLL2015 Shared Task [14]

3.2

Argument
SyntaxNet [1] PDTB

( 2) 3
1. Tense: / / / 4

2. Perfect: / 2

3. Progressive: / 2
Tense Perfect Progressive

16 Argument
Argument

3.3

Argument
3

3
35%

[10] Expansion
Contingency Temporal

3
Expansion Restatement Instantiation

23.71%
33.59%

37.85%
38.86%

30.25%
34.11%

39.12%
34.59%

24.49%

3:

Conjunction

1. Asynchronous Synchrony:

Asynchronous Synchrony
10%

2. Restatement: Arg1 Arg2

30%

3. Instantiation: Arg1
Arg2

4. Concession: Argument
Argument

2

5. Alternative: Arg1 Arg2

Cause Conjunction
(1)
(2) Cause

Conjunction
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4: Asynchronous Synchrony

5:

5 Asynchronous
4%

1%
Asynchronous

4.2 Restatement

Restatement
34.6%

Argument

Argument

Argument
(3)

(3) “We would have to wait until we have collected
on those assets before we can move forward,”
he said.

(3) “he” Argument

Argument
ccomp

(clausal complement) Argu-
ment

6 6 500
Re-

statement Argu-
ment

Restatement

4.3 Instantiation

Instantiation 40%
3 7

37.84%
11.57%

30.49%
22.20%

22.90%
11.09%

15.67%
29.29%

29.45%

6: Argument

7: Instantiation

7 Instantiation
16%

Instantiation Arg1
Arg2

(4)

(4) Arg1: Gene-splicing now is an integral part of
the drug business

Arg2: Genentech’s 1988 sales were $335 mil-
lion, both from licensing and its own prod-
ucts

Arg1 “Gene-splicing”

Arg2
(“Genetech”)
Arg1

8 Instantiation

4.4 Concession

Concession 2
3 Concession

Arg1
Arg2

(38.86%)
(8.5%)

(6.6%)
(5)

(5) Arg1: Consumers Power Co., now the main
unit of CMS Energy, ran into financial
problems over its $4.2 billion Midland nu-
clear plant
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8:

Arg2: CMS is nearly done converting the Mid-
land plant to a gas-fired cogeneration facil-
ity at a cost of $600 million

Arg1 (“ran into financial problems”)
“CMS” Arg2

(6)

(6) Arg1: In Sidhpur, it is almost time to sow this
year’s crop

Arg2: Many farmers, too removed to glean
psyllium’s new sparkle in the West,
have decided to plant mustard, fennel,
cumin, fenugreek or castor-oil seeds

Arg1 psyllium
pyllium

Arg2
Mustard, fennel, cumin

Arg2
Arg1

Concession

psyllium
pyllium

Concession

4.5 Alternative

Alternative
3 Alternative

Argument

(7)

(7) Arg1: he won’t be paying for it

Arg2: The donations will come out of the
chain’s national advertising fund, which is
nanced by the franchisees

“he” “donation”
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Instantiation Asynchronous
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