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how do you spell ™" pretty " ?
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how/WRB do/VBP you/PRP spell/VB "'/ pretty/RB "/" 7/.
why/WRB do/VBP n't/RB we/PRP go/VB home/NN ?/.

why do n't we go home ?
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lapos/
*3http://www.phontron.com/kytea/index-ja.html
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*https://github.com/odashi/chainer_examples
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