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INPUT: w_1, w_2, =, w_n

i=1
while( i < n + 1) {
if (w_i in F-dic or N-dic) {
OUTPUT w_i; i++
} else {
w=w_i+ w_{i+1}
if (w is PersonName) {
OUTPUT w; i += 2
} else {
wo=w_i+ w_{i+1} + w_{i+2}
if (w is PersonName) {
OUTPUT w; i += 3
} else i++
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