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Ý 1: ���ÇÈ3��?� A Purity A� !�
ÄÅjZ 0.647 0.664
ÄÅ�' 0.638 0.692

ÄÅ�' (Pâ) 0.617 0.7143��?� B Purity A� !�
ÄÅjZ 0.708 0.506
ÄÅ�' 0.742 0.492

ÄÅ�' (Pâ) 0.708 0.56321��?� A Purity A� !�
ÄÅjZ 0.457 1.147
ÄÅ�' 0.479 1.139

ÄÅ�' (Pâ) 0.482 1.12421��?� B Purity A� !�
ÄÅjZ 0.393 1.200
ÄÅ�' 0.392 1.230

ÄÅ�' (Pâ) 0.423 1.17850��?� Purity A� !�
ÄÅjZ 0.467 1.114
ÄÅ�' 0.469 1.115

ÄÅ�' (Pâ) 0.4765 1.1085.3 9;
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