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—EE, WESURHT &, REEERSEMAT - BT & OBl
FEE TIP3 Z Licb oo Tnd. BRI S O,
WHEE 2 EHETHY, BlxIE, TRVEE By
TEBo] LWV XOMGEEMEHRTEE 2D L, B
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voice: ACT
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phrase phrase ID marker
PRED B\ T72 P9500000-009-013
ARGO K P9500000-013-014 adnom
ARGl & xXI% P9500000-003-009 %
LOC Z<NS P9500000-000-003 T
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DIVHEHRZ 2 AKE L TELD LTS, ZO, K%
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DEE, RO FEDE AR Z, S TAOEHZARD E DAL
BICHEAETOIDNERETDVERS L. ZOBANED
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WD 7~ GERSRRL 7+ SUEKRET ~L) 1, BIF
DEDITHE LT

— 739 —

Tag set LF; Comp | UF; Comp
Base 88.4 34.0 89.6 37.9
Baseins 88.5%x  33.5 90.0x 39.3
Full 81.0 15.6 88.5 37.3
Full;¢ 81.3x 15.3 88.8 372
Fulljex 80.3% 14.2 87.9x  33.6%
Fullysup 81.2 15.5 88.5 35.2
Fullysuptalt | 77.9% 11.7% 86.0%x  29.9%
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IRFEEAEIEE RO O OROEREEHEGTHI LIZLY
i a )RR EN AT 53 2 K BRI B9 B SUIEMKEE T
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EENDHIZBE L CIE, FER#s TMP, A& LOC, £
M DOFEE# ARGM DWT N %5 L7-.
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Tag P R F, Tag P R F

PP-SBJ| 69.6 81.5 75.1 || IP-REL_sbj| 48.4 54.3 51.1
PP-0BJ | 72.6 83.5 77.7 || IP-REL_obj | 27.8 22.7 24.9
PP-0B2| 63.6 71.4 67.3 || IP-REL.ob2| 17.2 29.4 21.7
PP-TMP | 45.0 48.0 46.5 || IP-ADN 50.9 55.4 53.1
PP-LOC| 21.3 15.9 18.2 || CP-THT 66.1 66.6 66.3

F 5 SUEHERE 7~V OHBIRE R (K / &)

PREIERRHT ORSEE & RLD RN, SUEIER D 520 Offt &
T 2728, FRATRER O AIEEA & SCEiIfR 0 2 AR
3 LT, TUL7 LORIFAEIE OIS A F L7,
%@%%, Baseinf < 894, Elllinf T 88.5 k fcﬁ D 5 T
D OSCHEIR 0 %2 0F OFSEE [11] 90.46 (21X & IE R0 H D
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AVREESENT OFHIAS R A, £ 4187 RIS
W, IERBEESRIIZVES R SN2, MoERIZE
YERIZ L ARERTRAAE T TV A. LLF T, Baseint,
Fully,s Oy hEHWERERIZOWTIE~S. FEX
Base Tlid, 73L& (LF;) T88, 772 L (UF,)
TINRELR->TND., TUVEETHE D EN RO
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U Z UL OBBRMERN/ NS DL R EE X HND D, Full
TIE, UEHERET ~L, Bi7~LOiRVick v, LF X
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SCERERE 7 ~ LD 9 BIFOHIBN BT 285K %, £ 5
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VME & 725 TV D, FRICHFTIRIE, TICADA4FDONY
T—Tarng<, /Y D 85%N PP & 5\ L PP-0B2
~OFHR T 5720, A0S AGREEHTZ L
DUETHHEEZOLND.

F7o, ERETVVOHBIRERAE, £ 5 AITRTEEK
&t & e FRDORER 7~V DHBINE, PR rrE
DE\ Yy IP-REL_sbj (=M 2ZATOBIFRET) <> IP-ADN(N%
B - WFeH) TH, FAET5H0BRE LKV, B2 OWNR%E
% &, IP-REL_sbj (2B L TiE, A& 23 36%,
IP-ADN L 2B L7= b DA 22%, VP 2% 19%, IP-ADN
B LTI, AEEDRRA Y 23 52%, VP EREYEIE Lz
H DN 22%, IP-REL_sbj 23 18% T -7-. VP L aH|5l
L72bDlE, ROMNRS HIZRIOMA] (PPE) ZIHE L
THRVALEHE L ORERFNTHY, Znbh
DY L\ 2 5. IP-REL_sbj & IP-ADN [ H|5]
1%, HBIRRH 200 AN THHEA#H L WD H L
(e.g. WREFCIRBICER SN OV+HHEOTER)) , 7
J T = a O E R BfRIC T 5 TR MEE L&
bbb,

3K Hi G e/ oM AR L, #iH Sz mn b As@om i
IR Z RO, LEDOANZE FN D CHEIN A ORI E £ D SCEIC
R ZTEMRE G35 2 & CER L.

RN I, AREE (RO IXTRTRO T~ O BRI
DHLOE, MEEZDOLONRREMRTHL DD 2 FENGFIET H.
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AIRETE & 2 PSSR T & AL T2 iR R IER S ) A FF

D, HEEEHR L BMERERAS LIZAARGEY U — 0
IZOWTRATZ, HEEE L 72 20,000 3C % BEAE DR SCHRAT
PHCHEAT D Z LIC kD, SCEIR Y ZUTRAT & RIFLE D
N 2R b oo, Rl mA i c&a b2 &
e DT=. 1D SUERSEE T ~ L DIEE R LD 7=,
T )T a L OWERE T L — AEROFHEIZ oW
THRITHTETHD.

ZE Xk

1]

Sadao Kurohashi and Makoto Nagao: Building a
Japanese parsed corpus — while improving the parsing
system. In Abeille (ed.), Treebanks: Building and using
parsed corpora, Chap. 14, pp. 249-260. Kluwer Aca-
demic Publishers (2003)

Mitchell P. Marcus, Beatrice Santorini, Mary Ann
Marcinkiewicz: Building a large annotated corpus of
English: the Penn Treebank, In Journal of Computa-
tional Linguistics, Vol.19, No.2, pp. 313-330 (1993)

Yusuke Miyao, Jun-ichi Tsujii: Feature forest models
for probabilistic HPSG parsing. In Journal of Compu-
tational Linguistics, Vol.34, No.1, pp. 35-80 (2008)

Francis Bond, Sanae Fujita and Takaaki Tanaka: The
Hinoki syntactic and semantic treebank of Japanese, In
Journal of Language Resources and Evaluation, Vol.42;
No. 2, pp. 243-251 (2008)

Sumire Uematsu, Takuya Matsuzaki, Hiroaki Hanaoka,
Yusuke Miyao and Hideki Mima: Integrating mul-
tiple dependency corpora for inducing wide-coverage
Japanese CCG resources, In Proceedings of the 51st An-
nual Meeting of the Association for Computational Lin-
guistics (ACL 2018), pp. 1042-1051 (2013)

EAR, JAR, NEREH, KEEIET, Alastair Butler:
HAFEY V=R OT ) T—3 a VIl SELHEYE
75 19 FIFERORE THRIZE, pp.924-927 (2013)

FHIFE, /MTSF, 2 B, SEARRES, AR dbFEE
Wi & RSB DT 5 —3 a > : NAIST 7% & h 23—
IRAMEEDN D ORRER G, BIRSFELIE, Vol. 17, No. 2,
pp. 25-50 (2010)

MUEE, CEIRIESL, AR, BRME, TUEsE, Ak
KBRS, RIS, AREEZ: HATEBRAR, HEFIE, (1997)

Hanaoka, H., Mima, H., and Tsujii, J.: A Japanese
particle corpus built by example-based annotation, In
Proceedings of the Tth international conference on Lan-
guage Resources and Evaluation (LREC 2010) (2010)

[10] Slav Petrov, Leon Barrett, Romain Thibaux and Dan

Klein: Learning accurate, compact, and interpretable
tree annotation, In Proceedings of the 21st International
Conference on Computational Linguistics and the 44th
Annual Meeting of the Association for Computational
Linguistics (COLING-ACL 2006), pp. 433-440 (2006)

[11] Taku Kudo and Yuji Matsumoto: Japanese depen-

— 740 —

dency analysis using cascaded chunking, In Proceedings
of the 6th Conference on Natural Language Learning
(CoNLL-2002), Volume 20, pp. 1-7 (2002)

Copyright(C) 2014 The Association for Natural Language Processing.
All Rights Reserved.





