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Test Model complex.

NER COMP F-sc #nzF | #DoF

L2CRF 84.88  89.97 61.6M | 38.6M
L1CRF 84.85  89.99 614K | 321K

(=4 LICRFw/ QT | 7839 85.33 568K 8
DC-ADMM 84.96  89.92 643K 8
DC-ADMM++ | 84.79  90.02 586K 8

¢(=2 LICRF w/ QT 73.40 81.45 454K 4
DC-ADMM 84.04  89.35 455K 4
DC-ADMM++ | 84.61 89.77 || 199K 4

¢=1 LICRF w/ QT | 65.53 75.87 454K 2
DC-ADMM 83.06  88.62 364K 2
DC-ADMM++ | 83.79 89.02 || 58.9K 2

Test Model complex.

DEPER COMP UAS #nzF | #DoF
L2PA 49.67  93.51 15.56M | 5.59M
L1RDA 49.54  93.48 7.76M | 3.56M

(=4 L1RDA w/ QT | 38.58 90.85 6.32M 8
DC-ADMM 49.83 93.55 5.81M 8
DC-ADMM++ | 50.00 93.51 1.62M 8

¢=2 L1RDA w/ QT | 34.19 89.42 3.08M 4
DC-ADMM 48.97 93.18 4.11M 4
DC-ADMM++ | 48.51 93.20 623K 4

(=1 L1RDA w/ QT | 30.42 88.67 3.08M 2
DC-ADMM 46.56 92.86 6.37TM 2
DC-ADMM++ | 44.77  92.37 598K 2
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