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# 1 List of features
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IDOXEN—ZADHRNE L HMEEN—ADREDOH# Z

TR B,

41 EERRE
mapping A mapping B | target POS
NN,NNS,NNP,NNPS NN noun
J3,JIR,13S J] adjective
VB,VBD,VBG,VBN,VBP,VBZ VB verb
others others ignored

# 3 Part-of-speech mappings

Part-of-speech paraphrase candidates

adjective difficult, tough, hard

noun error, mistake, oversight

noun Jjob, task, duty

noun responsibility,  commitment,
obligation, burden

noun material, stuff, substance

verb give, provide, offer

verb resolve, settle

#* 4 Edmonds’ seven evaluation sets for lexical choice

ZODAAY TCREFHEEFHM TS, 22T
sample-words & MERERHI D X A7 1%, [2] DFE
ZIZIEFHEBHLZEDTHD, 5 —D0D all-words
BAZE, IRNTONEHEEHRELILEDTH
%, B2IZENFNDA AT DIEE 25T, BHD
&2 A2 T, WordNet 3.0 % i\ T [H ZiB ALK %
127, TOBEDORFDLEMEZ 3ITRT,

A3 — /S A & LT, Penn Treebank corpus 3.0 &
BLLIP 1987-89 WSJ Corpus ® section W8_001 75
W8.019 % i\ /-, FEZEERZITDIZY /A>T, NN
(nouns), JJ (adjectives), VB (verbs), RB (adverbs) {D
T RS Sl

sample-words @ i T &, Inkpen IZ&HHE T,
1987 4£ M Wall Street Journal {23 1} % Edmonds D
7TODFEELY b (R4UTRT) 2HV, all-
words DFEAfi Tk, BLLIP WSJ Corpus ® W7.001
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NS W7_127T HOIRTOHNREEFHE L 2,
PMI A 171 WS8.001 75 W8_108 . W9_001 75
WOA4l DFHFARNPTSHEDT AV RUE LS
TEMAE LU 72,

K12 all-words D ATF 1T & 2 Gl 1k R 8 7 72 D
[2] 2B L T, TTFAMNTHEREUZHEEDOHAE
EffE UTHHEL 72,
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7 4.2 17 sample-words TOHKEE, F 4.2 (T all-
words DFER % /R, BREE “-A”, “-B” ldThTh
RIVRTRRDHFATY Y TERT, “+Doc”,
“+Syn” X TN ENK LRT XER—A, HigEN—
ADFEMEDBA%EERT,

7 4.2 @ sample-words DFER Tl Proposed-A
& Proposed-B 13443 & A FIZ DWW T Inkpen D
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Uiz > Tnd 72, MREDEIE, REFED
PMI A O 7 DOFEIZfH > 72 T —/S A% Inkpen & 7
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# 5 Accuracy for sample-words task on BLLIP
corpus of Wall Street Journal 1987

D

Acc. Acc. | #samples| #samples

(noun (noun

& adj.) & adj.)
Inkpen 70.01 | 65.16 18018 | 31116
A 70.95 | 58.29 25601 | 59676
B 72.03 | 65.03 17106 | 28645
A +Doc 71.09 | 58.18 25601 | 59676
B +Doc 72.19 | 64.63 17106 | 28645
A +Doc+Syn | 65.96 | 50.73 25601 | 59676
B +Doc+Syn 64.13 | 4549 17106 | 28645
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Source corpus Number of word tokens

Sample words task | Training | BLLIP 1988 + Penn Treebank 16893445

Testing | BLLIP 1987 22926540

All words task Training | Penn Treebank 10778880
Testing (4-fold cross validation) -

#: 2 Tasks and corpora

# 6 Accuracy for All-words task on Penn Treebank

Acc. Acc. | #samples #sampleg
(noun (noun
& adj.) & adj.)
A 79.23 | 75.07 86179 | 122131
A +Doc 81.20 | 77.00 86179 | 122131
A +Doc+Syn 81.59 | 77.47 86179 | 122131
5 EE
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